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Bolometers: array of Transition-Edge Sensors (TES)
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Secondary Flux [particles m?2s1]
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Autoencoder structure

Autoencoder output Modified autoencoder output

Simu'ated waveform

Simu'ated waveform
ML output
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Buchakchiey, V., Dimitrova, K., Georgiev, G., Georgieva, G., & Kozhuharov, V. (2023). Pattern recognition and

signal parameters extraction using machine learning methods. Journal of Physics: Conference Series, 2668(1),
Article 012001. https://doi.org/10.1088/1742-6596/2668/1/012001




Autoencoder structure

Input Data Latent Space Reconstructed Data
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Autoencoder
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Autoencoder

—— Loss function: MSE Loss]
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|dentification on time-stamp of events
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Candidate #4 Candidate #5
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2022-07-14 23.54.19 MoonScan Speed VE14 - TES # 33
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New line of work— How does the noise at detector affect the noise at
map-level?

Noise map Q at 220 GHz

Noise map U at 220 GHz
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